In the evolving landscape of customer support, voice bots powered by advanced Al models are transforming how
businesses interact with their customers. Companies like Suprmind, Air Canada, and OpenAl are pioneering
conversational Al with sophisticated speech-to-text and text-to-speech pipelines that deliver seamless customer
experiences. However, one persistent challenge remains: ensuring the bot doesn't fabricate refund policies or other

critical information.

This blog post dives deep into that challenge. We will explore the seven failure points in voice agents that often
cause misinformation, why RAG (retrieval-augmented generation) isn't a silver bullet without proper limits and
hygiene, the critical role of live tools as source of truth for customer-specific facts, and how high-precision entity

confirmation and readback can prevent costly mistakes.

Understanding the Problem: Why Voice Bots Make Up Refund Policies

Voice bots sometimes generate plausible-sounding but inaccurate or fabricated information about refund policies,
leading to confused customers and increased support costs. Contrary to common belief, these errors are not just
“"hallucinations” in Al jargon but arise from multiple failure points in the design, data, and process flows of voice

agents.
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Before diving into solutions, let's systematically examine those failure points.

Seven Failure Points in Voice Agents That Lead to Policy Fabrication

1. Incorrect Knowledge Base Versioning: Using outdated or inconsistent policy documents causes bots to

give obsolete information.

2. Poor Knowledge Base Hygiene: Unfiltered, conflicting, or unverified policy data contaminates the retrieval
process in RAG systems.
3. Over-reliance on Generative Models: Without proper constraints, large language models (LLMs) may

extrapolate or fill gaps that do not exist in the knowledge base.

4. Insufficient Policy Grounding Checks: Lack of rigorous cross-checks before delivering policy-related

answers.



5. Ambiguous Entity Extraction: Failing to confirm crucial customer information (flight number, purchase date)

leads to generic or incorrect policy retrieval.

6. Missing Live System Integration: Absence of real-time query to backend systems that hold the canonical

source for customer-specific data.
7. Inadequate Speech-to-Text and Text-to-Speech Pipelines: Transcription errors or unnatural readbacks
cause misinterpretations and loss of trust.

Understanding these points is crucial before layering on any Al solution such as RAG or voice pipelines.

https://suprmind.ai/hub/insights/voice-ai-hallucinations/

The Role and Limits of RAG in Voice-Based Customer Support

RAG (retrieval-augmented generation) combines the power of large language models with a retrieval system
that pulls relevant documents from a knowledge base. Many organizations, including Suprmind, are adopting

RAG to tackle complex questions in voice customer support. However, RAG isn't foolproof.

Why RAG Can Go Wrong

¢ Knowledge Base Contamination: If the KB has outdated or conflicting refund policies, retrieval can fetch

wrong snippets.

* Insufficient Retrieval Precision: Retrieval algorithms may not always find the most relevant or recent policy

versions.

* Generative Overreach: The generative component can “fill in” missing details, inventing plausible but

incorrect policy excerpts.

These pitfalls highlight why knowledge base versioning and stringent policy updates are vital. Your voice bot's

knowledge base must be rigorously maintained, clearly versioned, and synchronized with all customer touchpoints.

Knowledge Base Hygiene and Versioning: The Foundation of Reliable
Voice Bots

Just like Air Canada maintains evolving travel policies, your support knowledge base must evolve explicitly and

transparently. Here's a checklist for hygiene and versioning:

Aspect Best Practice Why It Matters Version Control Use semantic versioning for all policy documents with clear
effective dates. Ensures the bot retrieves the most current applicable policy. Validation Before Publication Policies
undergo legal and customer service review prior to deployment. Prevents propagation of ambiguous or
contradictory policy text. Automated Consistency Checks Run diff tools and conflict analyzers regularly on KB
content. Prevents mixed messages and maintains integrity across versions. Audit Trail Keep records of changes

associated with policy updates. Facilitates troubleshooting when inaccuracies arise.

Maintaining this discipline helps prevent misinformation propagation through RAG customer support agents.

Live Tools as the Source of Truth for Customer-Specific Facts

Generic refund policies only get you so far. To provide accurate and compliant replies, voice bots must query live

systems holding customer- and transaction-specific data in real time.

Examples include:


https://suprmind.ai/hub/insights/voice-ai-hallucinations/

® Reservation databases (e.g., current Air Canada bookings)

® Payment and transaction history

Custom loyalty program rules

e Current service disruptions or exceptions

Enabling your voice agent to access such live tools ensures answers to refund queries are firmly grounded in the
operational reality, avoiding guesswork or hallucination. This is a hallmark of enterprise solutions built by leaders

like Suprmind integrating deep backend toolkits.

High-Precision Entity Confirmation and Readback

Accurately extracting entities like ticket numbers, dates, or refund reasons from noisy speech inputs is a challenge.

Even advanced speech-to-text pipelines can misinterpret digits or complex jargon, such as “B three one seven

"

two.
Here's a proven approach to bolster accuracy:

1. Entity Confirmation: After extracting critical entities, explicitly confirm with the customer: “Did you say ticket
number B three one seven two?”

2. Readback: When providing policy information, read back key elements with precision to catch discrepancies
early.

3. Fallback Prompts: If confirmation fails, steer the conversation toward re-entering or helping through manual

verification.

This process minimizes errors from speech-to-text misinterpretations and ensures the bot grounds policy answers

in verified data.

Practical Implementation: Integrating RAG, Live Tools, and
Confirmation Workflows

Getting from theory to practice requires thoughtful pipeline design combining Al models with company

knowledge bases and live backends.

Step Description Tools / Technologies Speech-to-Text Convert customer voice input into text for analysis. OpenAl
Whisper, custom ASR engines Entity Extraction & Confirmation Detect key data points and confirm with customer.
Natural language understanding (NLU) classifiers, confirmation dialogue logic RAG Query Retrieve relevant policy
sections from versioned KB. Custom vector search libraries, LangChain, OpenAl GPT models Live System Validation
Cross-check retrieved policies against customer-specific data. APIs to booking, payment, or CRM systems
Response Generation and Readback Generate the answer and read it back to customer for clarity. OpenAl GPT

models, advanced TTS (text-to-speech) systems

This layered pipeline balances the creative power of Al with the precision of operational data, creating trust and

compliance in voice bot answers.

Final Thoughts: Reducing Policy-Related Failures in Voice Bot Customer
Support

As a 12-year contact center and conversational Al implementation lead, I've seen firsthand that stopping your

voice bot from making up refund policies is about process, not just technology. Companies like Suprmind and Air



Canada exemplify best practices by combining robust knowledge base hygiene, rigorous policy grounding

checks, and tight integration with live operational tools.
Summary checklist to keep your voice agent truthful on refunds:

* Maintain strict knowledge base versioning and hygiene.
* Use RAG with clearly defined limits; avoid unguarded generative extrapolation.
® |ntegrate live backend systems as source of truth for customer-specific queries.
* Incorporate high-precision entity confirmation and readback workflows.
* Validate and test your speech-to-text and text-to-speech pipelines thoroughly.
* Monitor failure points actively and adapt your architecture accordingly.
By focusing on these areas, you limit the risk of misinformation and deliver transparent, accurate, and trustworthy

customer interactions. And if you want to push the frontier, explore how OpenAl's evolving models can be paired

with intelligent retrieval and live data for next-gen RAG customer support.

As always, ask yourself: “What is the source of truth for that sentence?” Your voice bot's answers should always be

grounded in verified, up-to-date data — nothing less can maintain customer trust.

— Written by an experienced conversational Al lead with 12+ years in voice and telecom customer support

technology.




